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Abstract 
Micro, Small and Medium Enterprises (MSMEs) are significant contributors to employment 
generation, economic growth and economic dynamics of both developing and developed 
economies. (Bala Subrahmanya, 2015). Industrial clusters facilitate innovation by promoting 
the networking of firms and associated institutions located in a specific geographic region and 
thereby enabling firms to mobilize resources (Chandrashekar & Bala Subrahmanya, 2019). The 
effectuation process is flexible and takes advantage of environmental opportunities as they 
arise. In other words, in their highly uncertain environment of creating new ventures, 
entrepreneurs learn as they go. (Brettel et al., 2014). The objective of this paper is to identify 
the association between the effectual behaviour attributes like partnership and flexibility to 
facilitate the antecedents of the entrepreneurs to build a better cluster support system (b) 
resource orientation and customer orientation within the cluster level facilitates positively to 
develop geographical orientation and (c) To identify the impact of Antecedents Industry 
Experience Market – Orientation on the competition. The study involved 64 Firms of two 
clusters i.e. Hubli-Dharawad Auto-component Cluster and Belgaum Foundry Cluster. 
Keywords: High-Tech Clusters, Effectuation, Antecedents, MSMEs.  
 
Introduction:  
Both clusters and entrepreneurship are well-known among academics and policymakers 
because they result from similar historical circumstances. Resurgence and its alleged effects 
on employment would demonstrate their economic significance. In practice, clusters and 
entrepreneurship are complex phenomena that defy definition, undermining theory 
development and testing. Researchers studied specific types of clusters by using established 
small and medium-sized businesses (focus on size) as the unit of analysis rather than 
entrepreneurship (focus on new firms). The word effectuation and Latin root effect mean "to 
bring about" (The American Heritage Dictionary of the English Language, 2000). While the 
terms cause' and 'bringing about' differ slightly, the causal model explains that what 
entrepreneurs do is vastly different from what the effective model entails. Entrepreneurs that 
move causally frequently create an entrepreneurial strategy that includes an environmental 
evaluation, marketing research, financial preparations, and a documented company plan 
(Kuratko, 2008). 
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On the other hand, effectual entrepreneurs usually reject these formal frameworks in favour of 
an alternate logic and set of behaviours as the foundation for entrepreneurial action. On the 
other hand, a successful process is iterative and non-determinative rather than linearly oriented 
toward a specified objective. Environmental and marketing research may be neglected, 
financial planning is reduced to determining how much one can afford to lose, and the business 
strategy may be postponed or entirely replaced by a developing business opportunity and an 
ever-changing cast of stakeholders.  This paper explores the impact of effectual behaviour on 
MSMEs in a Cluster environment in the Indian Industrial MSME Clusters Context. Total 64 
MSMEs were Selected from Hubli-Dharwad Auto Component Cluster and Belgaum Foundry 
Cluster, Karnataka State.  
 
Review of Literature  
Cluster and High-Tech Clusters:  
Since independence, one of the critical pillars of India's economic growth strategy has been 
creating Small-Scale Industries (SSI). Because of its significant contribution to output, exports, 
and employment, the SSI sector is now vital in the Indian economic system. (Bala 
Subrahmanya, 2005). Small-to-medium-sized companies (SMEs) attempt to build various 
forms of interfirm alliances that provide them with bundles of resources and network security 
to survive and flourish in twenty-first-century global network economies. As a result, 
developing and managing a lucrative and diversified alliance portfolio has emerged as a critical 
strategic problem for SMEs. (Tokman et al., 2020).  
Clusters, defined as spatial concentrations of interconnected enterprises, specialised suppliers, 
service providers, firms in related industries, and affiliated institutions, have received much 
attention in the academic literature (Wennberg & Lindqvist, 2010).  Industrial clusters, which 
foster innovation, encourage the networking of companies and related organisations in a given 
geographic region, allowing firms to mobilise resources. (Chandrashekar & Hillemane, 2018). 
A high-tech cluster characterized by a complex technology or innovation has been defined as 
a collection of firms and affiliated institutions co-located in a certain region that are mutually 
connected, complementary, and/or competing in the sphere of high-technology industries” 
(Wang and Yang, 2012). 
Lin, Tung, and Huang (2006) elaborate on the system dynamics methodologies to search the 
elements which effect the industrial cluster consequences, which is essential in defining the 
economic benefits of national and business advantage. This review of the literature finds fewer 
investigations that use system dynamics to find factors affecting the industrial cluster 
consequences. The competition in the global business atmosphere is not only between stand-
alone companies and supply chains but also among the businesses in regional clusters. The 
study creates a dynamic model of different elements of industrial cluster consequence through 
the causal loop diagram, which is also known as the cause-and-effect chain.  

Boschma, Eriksson, and Lindgren (2009) delved into the effect of expertise collection and 
labour flexibility on plant performance applying an exceptional database which links the 
characteristics of individuals to geographies of plants for the entire Swedish economy. It was 
found that a collection of connected proficiencies at the level of plant considerably increase the 
development of the plants, compared to plant collections composed of either related or 
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unrelated skill. The study analysed 101,093 jobs, which resulted that entries of expertise that 
are similar to the existing information of the plant being found to be positive for the 
performance of the plant, whereas the entries of new employees with the knowledge already 
existed in the plant had an adverse effect. The analysis also illustrates that geographical 
proximity impacts the consequences of diverse skill entries. 

There are regions, where industrial conditions have influenced cluster formation. The studies 
of Porter (2007) have found that the innovativeness of a nation makes it competitive in the 
business. On the other hand, a nation’s innovative experience is based on three combinations 
of factors: (i) the strength of linkages between interconnected industries, (ii) common 
innovation infrastructure, and (iii) support of cluster-specific conditions. There are four 
determinants which are cluster-specific. According to the study of Porter (1999) on the topic 
“The New Challenge to America’s prosperity: Findings from the Innovation Index” the first 
determinant was the fulfilment of positive input conditions, such as an adequate number of 
highly skilled human resources, would require primary research infrastructures such as 
universities, good quality information infrastructure and funds for investment purposes. The 
second determinant according to Porter (1999) was the rivalry and the context of the firm’s 
strategy. The firm’s context was influenced by whether an investment in innovation was 
motivated and whether there was vigorous competition between the local rivals. The third 
determinant focused on by Porter (1999) was the demand conditions. He stated that when there 
is a demand from local customers, the firms should be innovative and aggressive to face future 
demand. Lastly, the fourth determinant according to Porter (1999) was the condition of similar 
and supportive industries. He asserted that industry clusters and integrated businesses had a 
competitive advantage. Further, Debresson (1996) studied that according to what innovation 
came into being from normal economic activities and stated that despite the economic 
conditions, the time needed to permit the innovative agents and innovative actors to intensify 
their business movements. Certain innovative agents like government policy and wealth may 
need time duration to attain certain objectives. 

Marshell 2003 holds that the advantages of clusters can be achieved from the partnership of 
firms, as competition was natural. On the other hand, present theories of clusters focus mainly 
on actions taken together. The study emphasises on the differences between the method of 
competition and cooperation in the clusters, by analysing various similar literatures. The 
differences have enhanced the applications for the type and measure of public policy. 

The study conducted by Sarasvathy and Kotha 2001 state that in the effectual decision 
model, entrepreneur give emphasis on, “what we can do”, starting with a what is there in hand 
and aims to invent new products with the present things The founders of the popular ice cream 
brand "Ben and Jerry´s", were successful in their venture, have used non-forecasting plans such 
as the means-driven principle to create new corner which was successful and profit oriented 
(Sarasvathy et. al., 2003). Sarasvathy et al, 2003 stated that the founders of "Ben and 
Jerry´s"launched an ice-cream shop, with no big investment, the reason was only that they 
knew how to prepare ice cream simply. It was their initial knowledge which helped them to 
start the business. They had no money to pay their stakeholders, instead they paid them with 
coupons for free icre cream. Ben and Jerry launched a new idea of starting business, they 
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introduced their company with the knowledge of who they were, what they knew and whom 
they knew, and they created network of faithful stakeholders interested to cooperate them in 
their business (Sarasvathy et. al., 2003). According to Dew et al, Sarasvathy’s analysis of 
effectuation was pursued by many similar researches on effectuation. Dew (2003) highlighted 
on of new market formation, influenced the procedure model of effectuation, adopting 
historical and interview data. Subsequently, investigations by Gustavsson (2004) and Dew et 
al. (2006), continued the analysis on entrepreneurial expertise, and assured that efficient 
entrepreneurs proved notable dissimilarities in comparision to control groups, and they also 
encouraged the concept that factors of effectuation are essential despite of personality 
characteristics. Subsequently, Harmeling et al. (2004); Sarasvathy and Kotha (2001) and 
Harting (2004) conducted investigations and revealed that the effectual decision-making logic 
was found in many past event of new ventures. Additionally, a meta-analysis by Read and Song 
(2007) investigated by meta-analysis and created notable linkage among three core effectual 
elements, such as means-orientation, stakeholder partnering and contingency leveraging and 
new business. Dew et al. (2008) suggested a behavioral theory of the entrepreneurial firm, 
where they have introduced new undertakings from the researchers of entrepreneurial expertise 
to create a structure of a model of entrepreneurial firms behavior, which stresses on invention 
of new markets by modifying present realities, instead continuing with the existing markets 
They states that the decisions makers functions under the course of the “design” but not on 
“discovery, they stress on inventions instead of exploring in existing opportunities, thus they 
manage and convert their situations.  

Research GAP: 

1. Attempt also have been made to review the effectual behaviour of entrepreneur on 
marketing strategies, we studied the entrepreneur’s effectual logic as the entrepreneurial 
abilities, their knowledge, and their connections. Expert entrepreneurs use these assets at 
the initial stage of the business, which is well explained in the literature as “Bird in Hand”. 
Entrepreneurs concentrate on expected loss which they can effort in a new venture, which 
is termed as “Affordable loss”. The use of “Lemonade Principle”, this principle explained 
about the flexible nature of the entrepreneurs, how they utilise the alternate opportunity 
during crises. The next behaviour of an entrepreneur is “Patchwork Quilt”, which is found 
to be a nature of proficient entrepreneur where they use networking to enhance the business 
and they chose their business partners by interacting with different people with the same 
venture and takes their commitments in an advance to minimise the risk in future. Expert 
entrepreneurs focus on the activities in which they have their control and have knowledge 
of the result, and this behaviour is termed as “Controlling the Future-Pilot in Plane”.  

2. Furthermore, an elaborate attempt has not been made so far to determine the Effectual 
behaviour on cluster characteristics. 

Research Methodology: 

The Research is Exploratory in Nature. The population considered for the study consists 
of Micro, Small and Medium Enterprises associated with Hubballi-Dharwad Auto-
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Component Cluster, Hubballi and Belgaum Foundry Cluster, Belagavi. The Size of the 
total population is 102 Micro, Small and Medium Enterprises associated with two clusters. 
Data has been collected form 64 Entrepreneurs using Stratified Random Sampling 
Technique for better Validation Statistical Analysis.  
Table 1:  Sampling Details:  

Cluster 
Micro 
Enterprises 

Small 
Enterprises 

Medium 
Enterprises 

Total 

HDAC 14 16 2 32 

BFC 8 18 7 32 

 22 34 9 64 

The population considered for the study consists of Micro, Small and Medium Enterprises 
associated with Hubballi-Dharwad Auto-Component Cluster, Hubballi and Belgaum 
Foundry Cluster, Belagavi. The Size of the total population is 102 Micro, Small and 
Medium Enterprises associated with two clusters. Data has been collected form 64 
Entrepreneurs using Stratified Random Sampling Technique and Factor Analysis and 
Regression Analysis are used as statistical tools.  

1. Hypothesis – Antecedent’s of entrepreneurship in a cluster system is positively 
influenced by the effectual behaviour attributes like partnership and flexibility 

 
Ho: β1 (X) = β2 (Y) = 0 
Ha:  β1 ≠ β2 ≠ 0 
A multiple regression was computed to determine whether Effectual Behaviour partnership and 
Flexibility could significantly predict Antecedents of entrepreneur in a cluster support system. 
Table 1 below shows the results of regression model.  
Table 2: Showing the model summary 

R R Square 
Adjusted 
R Square 

Std. Error of 
the Estimate 

Durbin-
Watson 

F Sig. 

0.594 0.353 0.331 .81821815 1.318 
15.56

4 
0.000 

Predictors: (Constant), Effectual Behaviour partnership and Flexibility 
Dependent Variable: Antecedents of entrepreneur 
From the above table 35% of the variance in the data can be explained by the predictor variables 
(Effectual Behaviour partnership and Flexibility). The table 2 below shows results of the 
overall model and tells us the extent of degree in which the Effectual Behaviour partnership 
and Flexibility variables contributes to the antecedents of entrepreneur. The observed 
correlation (r) is statistically significant. The results of the regression indicated that the model 
explained 33.3% of the variance and that the model was a significant predictor Antecedents of 
entrepreneur, F (2,57) = 15.564, p = .001. 
Table 3: Shows the results of the standardised coefficients 

Model 
Unstandardized 

Coefficients 

Standardize
d 

Coefficients 
t Sig. 
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B Std. Error Beta 

 

(Constant) 
-1.001E-

013 
.106  .000 1.000 

Effectual 
Behaviour 
partnershi

p 

.462 .108 .462 4.280 0.000** 

Effectual 
Behaviour 

- 
Flexibility 

.458 .108 .458 4.241 0.000** 

Dependent Variable: Antecedents of entrepreneur 
 
The table 2 below shows results of the standardised coefficients. By reading across the rows 
for each of the predictor variables, we can see that Effectual Behaviour partnership 
significantly contributed to the model (t= 4.280 p=.00) and Effectual Behavior – Flexibility (t 
=. .4.241, p0.00). The column of the table 3 provides the unstandardized beta coefficients for 
the model (the B values). This value tells the direction of relationship between the outcome 
and predictor variables, which means direction of relationship with respect to Antecedents of 
entrepreneur and effectual behaviour (partnership and flexibility). Since the observed 
Unstandardized Coefficients is positive, so are the relationships. This indicates that there is 
significant positive association between the effectual behaviour attributes like partnership and 
flexibility to facilitate the antecedents of entrepreneur to build a better cluster support system. 
 
The antecedents’ key factors include training centre for entrepreneurs, transportation facilities, 
common facility centre to assist business related activities and surrounded by industrial cluster 
if the effects of the other variables are held constant. 

• Effectual behaviour-partnership (B1 = .4.62, p 0.00): as the effectual behaviour 
increases by one unit of influences higher on the antecedents of entrepreneur towards 
building cluster support system by 0.462 units. 

• Effectual Behaviour on Flexibility (B2 = .458, p 0.00): as effectual behaviour increased 
by one unit influences higher on the antecedents of entrepreneur towards building the 
cluster support system by 0.458 units. 

 
The final predictive model explaining the Antecedents of Entrepreneur = -1.001E-013. + 
(.462* Effectual Behaviour partnership) + (.458* Effectual Behaviour - Flexibility) with R2 

of 33.3%.In other words, the results can be interpreted as effectual behaviour of partnership 
and flexibility positively facilitates to help the entrepreneurs on recent developments of the 
industry. to develop training Centre which provides training to entrepreneurs and employees 
on recent technologies, to invest Common Facility Centre which helps to my business-related 
activities.  
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Hypothesis 2 - Geographical Orientation in a cluster system is positively influenced by the 
competition effectual behaviour partnership, market orientation and customer orientation 
 
A multiple regression was computed to determine whether effectual behaviour partnership, 
market orientation and customer orientation influences the Geographical orientation in the 
cluster system. Table 1 below shows the summary of the model 
Table 4: Showing the model summary 
Model Summary 

R 
R 

Square 

Adjuste
d R 

Square 

Std. 
Error of 

the 
Estimate 

Durbin-
Watson 

F Sig. 

0.751 0.563 0.532 
.6843714

9 
2.086 17.743 0.000** 

 
From the above table 53% of the variance in the data can be explained by effectual behaviour 
partnership, market orientation and customer orientation. The table 2 below shows results of 
the overall model and tells us the degree to which the effectual behaviour partnership, market 
orientation and customer orientation contributes to the Geographical orientation.  The observed 
correlation (r) is statistically significant. The results of the regression indicated that the model 
explained 53.2% of the variance and that the model was a significant predictor Geographical 
orientation, F (4,55) = 17.743, p = .001. 
Table 5: Shows the results of the standardised coefficients 

Variables 

Unstandardized 
Coefficients 

Standardized 
Coefficients 

t 
Sig

. 
B 

Std. 
Error 

Beta 

 

(Constant) 
1.001E

-013 
.088  

.0
0
0 

1.0
00 

Starting with Means of Effectual 
Behaviour – Resource Orientation 

.392 .091 .392 

4.
2
8
4 

0.0
00*

* 

Starting with Means- Effectual 
Behaviour – partnership 

orientation 
-.305 .094 -.305 

-
3.
2
3
1 

0.0
02*

* 
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Antecedents -Industry Experience 
Market – Orientation 

-.312 .093 -.312 

-
3.
3
4
6 

0.0
01*

* 

Antecedents -Industry Experience 
Customer Orientation 

.275 .093 .275 

2.
9
6
8 

0.0
04*

* 

 
The table 4 above shows results of the standardised coefficients. By reading across the rows 
for each of the predictor variables, we can see that Starting with Means of Effectual Behaviour 
– Resource Orientation (t=4.284 p=.00) Starting with Means of Effectual Behaviour – 
partnership orientation (t= -3.231 p=.002), Antecedents of Industry Experience Market - 
Orientation (t = - 3.341, p=0.002) and Customer Orientation (t=-2.968 p=0.004) significantly 
contributed to the model. The beta value tells the direction of relationship between the outcome 
and predictor variables, which means direction of relationship with respect to effectual 
behaviour partnership, market orientation and customer orientation on Geographical 
orientation.  
 
We have observed Unstandardized Coefficients positive with Means of Effectual Behaviour – 
Resource Orientation and customer orientation of entrepreneur with geographical orientation, 
were as effectual behaviour partnership orientation and market orientation has a negative 
association with Geographical orientation. This indicates that market orientation and 
partnership is not a favourable factor to developing geographical orientation towards building 
cluster support systems. This draws research interest and future research implication. Further 
the result indicates that resource orientations like common facility centres, labour availability 
and customer orientation within the cluster level facilitates positively to develop geographical 
orientation.  
 
The key factors of geographical orientation are Innovative, ability to build own brand in 
competition with small industries in the cluster, good transportation facilities to access raw 
material in creating or developing new products, Surrounded by Banks and other Financial 
Institutions and hassle-free loan facilities. if the effects of the other variables are held constant 

• As the Effectual behaviour-partnership (B2 =-3.231, p 0.01)increases by one unit 
diminishes geographical orientation by 0.323 units, and Market Orientation (B3= -
3.346, 0.01) increases by one unit diminishes geographical orientation by 0.343 units 
respectively 

• As the resource orientation (B1 =4.284, p 0.00) increased by one-unit influences to 
boost on geographical orientation inbuilding cluster support system by 0.428 units and 
as the Customer orientation (B4=2.968, p=0.04) increased by one-unit influences to 
boost on geographical orientation toward building cluster support system by 2.968 units 
respectively 
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The final predictive model explaining the Geographical Orientation is = 1.001E-013. + 
(.392*Means of Effectual Behaviour – Resource Orientation) + (. -305*Effectual Behaviour 
partnership orientation) + (-.312* Antecedents -Industry Experience Market Orientation 
Market Orientation) + (0.275* Antecedents -Industry Experience Market Orientation 
Customer Orientation) with R2 of 53.2%.  
 
Hypothesis 3 – Competition level in clusters has positively influenced by the Antecedents -
Industry Experience Market - Orientation 
 
A multiple regression was computed to determine Antecedents -Industry Experience Market 
Orientation market could significantly predict competition in cluster. Table 1 below shows the 
summary of the model. From the model it is clear that only >1% of the variance in the data can 
be explained by competition.  
Table 6: Showing the model summary 

R 
R 

Squ
are 

Adjust
ed R 

Square 

Std. Error of 
the Estimate 

Durbin-
Watson 

F Sig. 

0.3
29 

0.10
8 

0.093 0.95257054 1.503 
7.02

2 
0.010** 

 
The table 6 below shows results of the overall model and tells us the degree to which the 
Antecedents -Industry Experience Market contributes to the Competition.  The observed 
correlation (r) is statistically significant. The results of the regression indicated that the model 
explained >1% of the variance and that the model was a significant predictor Geographical 
orientation, F (1,58) = 7.022, p = .001 
Table 7: Shows the results of the standardised coefficients 

Variables 
Unstandardized 

Coefficients 

Standardiz
ed 

Coefficient
s 

t Sig. 

B Std. Error Beta 

 

(Constant) 
1.002E-

013 
.123  .000 1.000 

Antecedent
s -Industry 
Experience 

Market - 
Orientation 

.329 .124 .329 2.650 
0.010*

* 

Dependent Variable: Competition 

 
The table 3 above shows results of the standardised coefficients. From the table we can see that 
Antecedents -Industry Experience Market - Orientation (t=2.650 p=.01) significantly 
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contributed to the model. The final predictive model explaining the Competition is = 1.002E-
013+ (.329) *antecedents Industry Experience Market with R2 of <0.1%. The beta value tells 
the direction of relationship between the outcome and predictor variables, which means 
direction of relationship between the competition and antecedents Industry Experience Market 
– Orientation. We have observed Unstandardized Coefficients positive with antecedents 
Industry Experience Market – Orientation with competition.  As the Industry experience (B1 
=3.239, p 0.01) increases by one unit enhance the competition level by 0.329 units. 
 
Discussion 
A. Antecedent’s of entrepreneurship 
Drawing findings from a German pilot study on Cluster role in industry 4.0 confirmed that 
clusters offer conducive environment facilitating the emergence, testing, and development of 
I4.0 specific solutions. Study highlighted the need of more flexible attitude which perceives 
errors as valuable lessons, need for higher flexibility in situation of different local environments 
and the unprecedented uncertainty involved in digital transformation in the current the business 
models have to be adequately adjusted (2020). 
 
B. Geographical Orientation 
The results can be interpreted as resource and customer orientation positively facilitates to help 
the entrepreneurs to build their own brand in this cluster and innovate new business ideas. 
Whereas effectual behaviour partnership and market orientation negatively influences 
entrepreneurs act as a barrier to entry of new firms, access to raw materials for new products. 
Which is line with the study on Innovation obstacles in an emerging high-tech sector by 
Lachman, Jeremias, and Andrés López. (2019). The study showed that the market and cost 
factors negatively affect firms’ growth and innovation, while institutional obstacles reduce the 
amount of innovation efforts.  
 
With respect to the positive association of customer and resource orientation to geographical 
orientation. In a study on Linking entrepreneurial and market orientation to the SME’s 
performance growth by Presutti, M., & Odorici, V. (2019) suggested that SMEs, which develop 
social networks, may enjoy considerable advantages from entrepreneurial and market 
orientation, improving their performance benefits. Emphasis role social networking directing 
towards customer orientation shows a positive impact of entrepreneurial and market orientation 
on firms’ performance growth. (Presutti, M., & Odorici, V., 2019). It was determined that 
market and cost factors negatively affect firms’ growth, while institutional obstacles reduce the 
amount of innovation efforts Presutti, M., & Odorici, V. (2019).  
 
Adding to this a study using phenomenological approach and Creswell model analysis, 
Sulistiyani, R., & Harwiki, W. (2016) investigated how SME build innovation capability based 
on knowledge sharing behaviour, the study revealed that attitude of toward knowledge sharing 
behaviour is addressed as a spirit to move forward, obligation, sharing and embedded value 
towards customers from the SME owners. The perceived behaviour knowledge was determined 
by learning together, willingness and understanding together. In the case Karnataka cluster, it 
clearly indicates that customer orientation and knowledge sharing together enables SME to 
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take advantage of geographical factors in enhancing the cluster support systems. (Sulistiyani, 
R., & Harwiki, W., 2016). Sulistiyani, R., & Harwiki, W. (2016).  
 
C. Competition 
Though observed R2 is less than the marginal but we cannot overlook at this observation, rather 
in draws research attention that why this marginal influence of competition on Industry 
Experience Market – Orientation. According to Porter’s (1999) findings from the Innovation 
Index” indicated that one of determinants was the rivalry and the context of the firm’s strategy. 
The firm’s context was influenced by whether investment in innovation was motivated and 
whether there was a vigorous competition between the local rivals. Further Tung, and Huang 
(2006) emphasised how competition in the global business atmosphere is not observed only 
between stand-alone companies and supply chains, but also in regional clusters. This was not 
here in the case of Karnataka cluster. 
 
Adding to this a study using phenomenological approach and Creswell model analysis, 
Sulistiyani, R., & Harwiki, W. (2016) investigated how SME build innovation capability based 
on knowledge sharing behaviour, the study revealed that attitude of toward knowledge sharing 
behaviour is addressed as a spirit to move forward, obligation, sharing and embedded value 
towards customers from the SME owners. The perceived behaviour knowledge was determined 
by learning together, willingness and understanding together. In the case Karnataka cluster, it 
clearly indicates that customer orientation and knowledge sharing together enables SME to 
take advantage of geographical factors in enhancing the cluster support systems. (Sulistiyani, 
R., & Harwiki, W., 2016). Further in a comparative study by Gustavsson (2004) and Dew et 
al. (2006), which they found that entrepreneurial expertise and efficient entrepreneurs have 
notable dissimilarities and also encouraged the concept that factors of effectuation are essential 
despite of personality characteristics along with competition.  
 
Conclusion 
The objective of the study is to determine the Impact of affectual behaviour and cluster 
characteristics on entrepreneurial firms from High-tech cluster of Karnataka, India. The results 
shows that the(a) This indicates that there is significant positive association between the 
effectual behaviour attributes like partnership and flexibility to facilitate the antecedents of 
entrepreneur to build a better cluster support system (b) the result indicates that resource 
orientation and customer orientation within the cluster level facilitates positively to develop 
geographical orientation and (c) Antecedents Industry Experience Market – Orientation with 
has positive impact on competition. 
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